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One-Health: telemedicine and environment
WP3 — Telemedicina e salute ambientale
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Sensor-based Human Activity Recognition
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Semantic Template Recognition
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Semantic Template Recognition of Human
Activities in Wearable Sensor Data Using
Siamese Network
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Self-Supervised Learning
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Fig. 6: Accuracy achieved as a function of the number of windows per activity, compared with TD-SSL, Supervised and

Contrastive-Supervised Learning approach (CSL).
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Self-Supervised Learning
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Temporal Distance based Self-Supervised Learning |
for Human Activity Recognition
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Fig. 6: Accuracy achieved as a function of the number of windows per activity, compared with TD-SSL, Supervised and
Contrastive-Supervised Learning approach (CSL).
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dynamic sizing
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FIGURE 3: Confusion matrices for the Cgg, clustering rule in
MotionSense dataset before (a) and after (b) the integration

of our proposed methodology.
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Dynamic window sizing

" Inference-Driven Window Sizing for Enhanced  dynamicsizing dynamic sizing
. Human Activity Recognition in loT Devices
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